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METHODS )

We propose DexRefine, a task space residual reinforcement learning framework
that refines human motion into physically feasible robot actions. Our policy
learns residuals on the wrist and fingertips to keep the object trajectory aligned
with a given reference trajectory.
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2. Refine Synthetic HOI Trajectory.

Low Level Controller (7000h2) « We demonstrated that DexRefine, through task-space residual learning,
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